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ABSTRACT 

The efficient selection of a wind turbine is presently limited by a developerôs knowledge of 

what products are available on the market, and their ability to test and compare available 

turbine designs before investing. Poor turbine selection results in a financially sub-optimal 

investment. This study applies Blade Element Momentum theory, cost-scaling models and 

Genetic Algorithms to produce a model that predicts the ideal turbine design for a given site. 

The model was verified and tested using raw, real-world data from met masts and two 

Enercon E-44 turbines installed at Búrfell, Iceland. 

The model identified an optimum wind turbine design for Búrfell which decreases the 

Levelized Cost of Energy by 10.4% when compared to the existing E-44 turbines. The power 

curve of the optimum turbine design was then used as a search parameter in a set of real 

turbines, to determine that the optimum turbine model for Búrfell is the Leitwind LTW70 

2MW turbine. The use of this turbine would decrease the Levelized Cost of Energy by 8% 

when compared to the existing Enercon E-44 turbines. 

Future recommendations are to develop a similar model using Finite Element Analysis in lieu 

of Blade Element Momentum theory, and to include optimization of the rotor shape and 

material. A more up-to-date analysis of wind turbine costs is also advised. 

 

Keywords: Wind Turbine Selection, Blade Element Momentum theory, Cost-Scaling, Genetic 

Algorithms, Levelized Cost of Energy. 
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1. INTRODUCTION  

The following chapter gives a general background to the thesis topic, describes the focus of 

the research, and states the aims and objectives. The research motivations are also explained, 

as well as a brief outline of the following chapters in the paper. 

 

1.1.  BACKGROUND  

British appreciation for Icelandôs natural wind resources stretch back as far as 1871 with 

William Morrisô poem óIceland first seenô (Morris, 1892) in which he describes: 

The sight of this desolate strand,  

and the mountain-waste voiceless as death 

but for winds that may sleep not nor tire? 

He acknowledges Icelandôs strong and reliable wind resources, as well as the low terrain 

roughness and lack of wind-breaking obstacles. Therefore It is only fitting that a 

Memorandum of Understanding for a submarine electrical transmission cable between the 

United Kingdom and Iceland (DECC, 2012) was signed the same year that the first two wind 

turbines in Iceland were erected (Askja Energy, 2013a). Such a cable would require 

additional energy infrastructure to meet the increased demand in electricity. 

The installation of the two wind turbines by Landsvirkjun at Búrfell suggests that wind power 

is seen as a competitive technology and a potential means of diversifying Iceland´s renewable 

energy portfolio. Currently 72.7% of Icelandôs electricity is supplied by Hydropower, 27.3% 

from geothermal power plants, and 0.01% from fuel generators (Orkustofnun, 2013). 

This need to grow Icelandôs energy portfolio comes, not only from the potential for a 

submarine connection to the UK, but from the likelihood of new energy-intensive industries 

establishing in Iceland.  Approximately 79% of electrical energy is used by energy-intensive 

aluminium and ferro-silicon smelters (Orkustofnun, 2013). It is likely that there will be 

further growth in energy-intensive industry given Icelandôs globally competitive electricity 

prices. Conversely, the average growth in non-industrial electricity demand in Iceland is 

estimated to be 2.8% (Orkustofnun, 2006); equivalent to 55 MW of additional capacity 

required annually. 
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Wind power in general is not competitive with the current energy infrastructure options for 

investment in Iceland, shown below in Figure 1. However environmental/social concerns 

may restrict future developments in geothermal and hydropower infrastructure. Development 

in wind power however is supported by 81% of the population (Askja Energy, 2013b), and 

has no permanent environmental impact. Wind power is also suited to operate in a portfolio 

with hydropower resources, given the short-term variability of wind and the long-term 

variability of water resources, which effectively mitigate one another. 

 

 

Figure 1: Levelized Cost of Landsvirkjun's investment options in Hydro/Geothermal power, compared with estimated costs 

for infrastructure built in the US in 2016 (excluding transmission costs) (GAM Management, 2011). 

 

It should be noted that Figure 1 is also based on a general case-study of the USA, which does 

not account for the cost of using wind resources in Iceland. Morrisô poetic assessment of 

Icelandôs wind resources is supported by a more recent wind resource assessment (Nawri et 

al., 2013)  which states that: ñThe wind energy potential of Iceland is within the highest class 

as defined in the European Wind Atlasò. Given these top-class wind resources and the 

growing electricity demands in Iceland, the recent interest in developing wind power in 

Iceland can be understood. 

Regardless of when new wind turbines will be competitive or what demand they will satisfy, 

Iceland is a new frontier for the wind turbine industry. It is important to verify that the 

commercially available wind turbines are ideal for Icelandic applications. If the ideal turbine 

does not exist, then it is equally important to determine which available turbine is most 

similar to the ideal turbine. 
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1.2.  RESEARCH FOCUS 

The previous section discussed the growing interest in wind turbines in Iceland, specifically 

the suitability of commercially available wind turbines. This thesis will focus on how 

developers choose turbines from the set of available turbines, and whether the selection 

process can be improved by the use of a physics-based model. 

In choosing a wind turbine, the decision making progress is generally based upon the 

profitability of the investment. Simply put, the turbine that produces the highest Net Present 

Value (NPV) will be chosen by a rational developer. However, the decision is restricted by 

the following constraints: 

- Spatial (limited availability of land or wind resources);  

- Capital (restrictions on the value of the initial investment); 

- Capacity (limitations on the output of the turbine, due to market or technical issues);  

- Availability (certain wind turbine models may not be available, or practical, to 

transport to Iceland). 

Spatial constraints are important to consider for wind farm design or in cases where multiple 

or topographically complex sites are available for wind farm development. The impact of 

spatial constraints will not be considered in this study. Instead the report will focus on a 

decision involving a single turbine and a particular site, such that capital, capacity and 

availability constraints can be discussed.  

Based on discussions with a large energy infrastructure developer, the current approach to 

turbine selection is to assume some capital and capacity constraints to create a subset of the 

market-available wind turbines. The energy production of each wind turbine is then assessed 

using Weibull distributions or through computational packages like WAsP (DTU National 

Laboratory, 2013). A bidding process is then initiated with the manufacturers of the most 

appealing turbines, in order to determine costs and to assess each turbineôs profitability. This 

is in essence a brute force or trial-and-error approach to finding the optimum wind turbine.  

This approach requires the assumption that the subset of commercially available turbines that 

are assessed includes the óidealô turbine for the site in question. The impact of this 

assumption, and how this assumption can be avoided, is the general focus of this thesis.  
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1.3.  AIM AND OBJECTIVES  

The overall aim of the proposed research is to create a physics-based model to design an ideal 

turbine given wind-data and cost-scaling relationships for a particular site, and to compare the 

results with the trial-and-error approach.  

Specifically, the objectives of this research are to: 

1) Identify the common goals of the wind turbine selection process 

2) Evaluate critically the use of a trial-and-error approach to turbine selection 

3) Develop a turbine selection model that incorporates state-of-the-art methods 

4) Verify and compare the physics-based model with the trial-and-error method 

5) Recommend an efficient approach to turbine selection  

 

1.4.  MOTIVATION  

Identifying the common goals of the process and the metrics by which turbines are compared, 

or excluded from comparison, will provide insight into how energy developers make 

decisions.  Clearly defined goals and metrics will provide a baseline to which turbine 

selection methods can be compared. This baseline will initially be used to identify and define 

the strengths and weaknesses of a trial-and-error approach to turbine selection. 

From this assessment of the trial-and-error approach, a physics-based model will be justified 

and developed. It is expected that a physics-based model that uses cost-scaling estimates can 

effectively assess the entire set of possible wind turbine designs (including those that donôt 

exist yet) on a basis of NPV or Levelized Cost of Energy (LCoE) without the need to enter a 

bidding process with manufacturers. In order to verify the accuracy of the physics-based 

model, it will be compared with real world data for a specific turbine at a specific site in 

Iceland. The model will then be verified on the decision-making scale, by comparing the 

results of the model with a recent paper by Helgason that applied the trial-and-error approach 

in Iceland. From this, the motivation is to make recommendations for energy infrastructure 

developers on the process of choosing a suitable wind turbine, and to provide some insights 

into the characteristics of a turbine capable of achieving the optimal capture of energy from 

specific wind resources. 
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1.5.  OUTLINE OF THESIS  

Chapter 2 provides a literature review of wind resource assessment, wind turbines, wind 

turbine selection, wind turbine design, blade element momentum theory, and wind turbine 

costs. The aim of Chapter 2 is to satisfy the first two research objectives.  

Chapter 3 outlines the methods and theory used in the physics-based model, as well as the 

cost-scaling and optimisation components of the model. It also includes the methodology for 

the verification of the physics-based model, as well as the method for comparing it with the 

trial-and-error approach. Chapter 3 satisfies objective three. 

Chapter 4 states the findings of the study. Initially  it covers the analysis of the wind resource 

at the specified site. Then the model is verified, using wind speed and electrical production 

data from the Enercon E-44 turbines installed at Búrfell, Iceland. Finally the results of the 

optimisation model are compared with the results of a trial-and-error approach. The aim of 

this chapter is to satisfy objective four. 

Chapter 5 concludes the paper with a discussion of the results and their implications. The 

model developed in this study is critiqued, and recommendations for approaches to turbine 

selection are discussed. Finally the paper is reviewed, and further research is recommended. 

Chapter 5 aims to satisfy objective five. 
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2. L ITERATURE REVIEW  

The following chapter provides a summary of the general concepts behind wind turbines, and 

the state-of-the-art research in their analysis. It builds up the basic knowledge required to 

understand the goals of the turbine selection processes. The state-of-the-art research into 

turbine selection is analysed. Finally the state-of-the-art methods in turbine design and 

literature on cost-estimation and optimisation is discussed in order to provide a foundation for 

the creation of the turbine selection model. 

 

2.1.  WIND RESOURCES 

2.1.1. THE CAUSE OF WIND 

Wind is the movement of atmospheric gases from one place to another due to air pressure 

differences. Gases move from high pressure to low pressure areas, at varying speeds, in an 

attempt to reach equilibrium. There are two main mechanisms that cause differences in air 

pressures at a macro-scale.  

The first is the uneven heating of the surface of the Earth. The sun heats up the land and the 

atmosphere during the day, and then heat is lost through the night as it is radiated as infra-red 

electromagnetic waves into the galaxy. Additionally, the incident angle of sunlight onto land 

at the equator is perpendicular to the surface of the Earth (assuming the Earth is 

approximately flat) but this angle decreases closer to the poles. The low angle of incidence 

causes solar insolation to be spread over a larger area, and causes the radiation to travel a 

longer distance through the atmosphere giving it more opportunities to be absorbed or 

refracted before reaching the Earthôs surface. This uneven heating causes climatic differences 

between regions, causing the atmosphere in these locations to be at differing temperatures. 

The second mechanism that causes differences in air pressure is the rotation of the Earth, 

known as the Coriolis Effect. As the Earth rotates, wind appears to be deflected in 

comparison to the fixed reference frame of an observer standing on the rotating surface of the 

Earth, causing polar regions to be heated less than the equatorial regions. This deflection is 

clockwise in the Northern Hemisphere and anti-clockwise in the Southern. The upper-

atmosphere winds that result from these two mechanisms are described as ógeostrophicô 

winds, which are are not impacted by local geography. 



7 

 

Local winds are impacted by the shear forces of the surface of the earth, and are related to the 

roughness of the terrain and the presence of obstacles. That is, the wind speed at ground level 

is 0 metres per second, and then increases gradually until it reaches the geostrophic boundary 

layer, where terrain roughness has no effect. The most commonly used method to 

approximate wind at various heights is the Hellmann power equation (Tong, 2010): 

 
ὺᾀ ὺᾀ

ᾀ

ᾀ
 (2.1) 

Where ὺᾀ is the wind speed [m/s] to be determined at a height of ᾀ metres above ground 

level, ὺᾀ  is the known wind speed at an elevation of ᾀ metres, and ‌ is the wind shear 

coefficient. The wind-shear coefficient is normally determined using empirical data for each 

site, but if data is not available and the terrain is fairly flat, it can be approximated that ‌

ρȾχ (Tester, 2012). Previous Icelandic studies have estimated the wind-shear value to be 

between 0.08 and 0.16 (Helgason, 2012), (Arason, 1998), (Sigurðsson et al., 2000), (Blöndal 

et al., 2011). In an interview (Sveinbjörnsson, 2013) it was suggested that the value of alpha 

at Búrfell is between 0.07 and 0.11, based on previous measurements.  

 

2.1.2. MEASUREMENT OF WIND 

The most common instrument used to measure wind speeds is the cup anemometer. In fact, as 

stated in (Tong, 2010): 

The current version of the internationally used standard for power curve measurements, the 

IEC standard 61400-12-1, only permits the use of cup anemometry for power curve 

measurements. 

A study (Curvers and van der Werff, 2001) on the accuracy of cup anemometers suggests that 

instruments measure the wind speed with a relative error of ±3.5% when compared to other 

commercially available instruments. The main source of the error between instruments was 

identified as vertical turbulence intensity. That is, locations with highly turbulent wind and 

rough terrain will produce larger errors in wind speed measurements. The study also 

determines that a relative error of ±3.5% in wind speed measurement translates to a 10% 

error in Annual Energy Production (AEP) estimates at sites with an average wind speed of 9 

m/s and 20% at sites with an average wind speed of 5 m/s. 
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The measurement of wind on potential wind turbine sites is generally performed by mounting 

cup anemometers onto a mast commonly called a Met Mast. As the anemometers are 

installed onto the met mast at fixed heights, the wind-shear equation (Equation 2.1) can be 

used to extrapolate to higher elevations. The wind measurements over the course of a year are 

then used with the power curve to directly estimate AEP, or to generate a Weibull 

Distribution. 

It is also common for wind speeds to be predicted with the use of numerical, meteorological 

models, such as the meso-scale WRF model used in Iceland (Nawri et al., 2012). These 

methods will not be covered in this study however, as met mast data has been made available 

by Landsvirkjun. Additionally, the challenge of site selection and micro-siting of turbines has 

been excluded from this study, such that the issue of turbine selection can be concentrated on. 

2.1.3. WIND SPEED DATA SIMPLIFICATION AND USE  

A year of wind speed data at 10 minute intervals would consist of at least 50,000 data points. 

In order to simplify the analysis of wind speed data, it is common for the data to be reduced 

to statistical relationships. The most common method of describing wind speed data is to 

display it as a two-parameter Weibull distribution: 

 
Ὢὺȡ‗ȟὯ Ὡ ȟ ὺ π

π                          ȟ ὺ π
 (2.2) 

Where ὺ is the wind speed [m/s], Ὧ is the shape parameter, and ‗ is the scale parameter. The 

Weibull distribution was first described in detail by Weibull in 1951, initially suggested to 

have applications for describing particle distributions and material strengths, but not for wind 

speed distributions (Weibull, 1951). Weibull distributions have been used since 1976 to 

describe wind distributions. (Justus et al., 1976). However, they have also been criticised 

since 1978 for not accurately capturing the proportion of calm wind speeds (Takle and 

Brown, 1978), and more recently for being too empirical and simplistic (Drobinski and 

Coulais, 2012). Regardless, the simplicity and elegance of the Weibull distribution has led it 

to become, ñBy far the most widely-used distribution for characterization of 10-min average 

wind speedsò (Morgan et al., 2011).  

Weibull shape and scale parameters were traditionally estimated using graphical methods, but 

the modern approach is to use the Maximum Likelihood method (Genschel and Meeker, 

2010), (Seguro and Lambert, 2000). Another approach is to set Weibull shape and scale 
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parameters such that the average wind power density of the distribution matches that of 

measured wind speeds (Nawri et al., 2013), with a similar distribution of above-average wind 

speeds. 

For a given wind resource and turbine model, a Weibull distribution can be used to determine 

the Annual Energy Production (AEP). This is calculated using the following equation: 

 
!%0 ψχφφȢςυ ὖὺ Ὢὺȡ‗ȟὯ Ὠὺ (2.3) 

Where ὖὺ  is the function describing the power produced at a particular wind speed, 

Ὢὺȡ‗ȟὯ is the Weibull distribution, and 8766.25 is the number of hours per year. The form 

and theory of the power curve, ὖὺ, will be discussed in the next two sections.  

 

2.1.4. WIND ENERGY CALCULATION 

The kinetic energy of the moving gases is of interest when evaluating wind power and wind 

resources. The equation to calculate the kinetic energy of a particle is: 

 Ὁ ά ὺ  (2.4) 

Where Ὁ  is the kinetic energy of a particle [J], ά  is the mass of the particle [kg], and 

ὺ is the velocity of the particle [m/s]. The flow of wind however is a flux of a large number 

of particles. When considering the energy of a large number of particles moving 

homogenously through an area (i.e. wind), the mass can be described as:  

 ά ”ὺὃὸ (2.5) 

Where ” is the air density [kg/m
3
], ὃ is the flux area [m

2
], and ὸ is the duration of the flux [s]. 

Substituting Equation 2.5 into Equation 2.4 gives: 

 Ὁ ”ὃὸὺ (2.6) 

This equation can be further simplified by describing the energy as power (ὖ ὉȾὸ), in other 

words as the rate of energy over a period of time: 

 ὖ ”ὃὺ (2.7) 

Given the swept area of a turbine, ὃ, and air density (normally assumed to be 1.225 kg/m
3
) it 

is possible to determine the total kinetic power available for a wind turbine to extract. The 

actual air density can be calculated using the method outlined in (Nawri et al., 2013), which 
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has been applied in this study. Equation 2.7 can be modified to allow for the use of an 

adjusted air density (” ) by modifying it to: 

 ὖ
”

”
ὃὺ 

(2.8) 

However, due to physical limitations of airflow through turbines, it is not possible to extract 

all of the kinetic energy available. This limitation is defined and discussed in the next section. 

  

2.2.  WIND TURBINES 

A wind turbine is a mechanical structure that converts the kinetic energy of the wind into 

mechanical energy through the induced rotation of aerofoil-shaped rotors. The rotational 

force of the rotors is then used to drive a generator and produce electricity for consumption. 

As mentioned at the end of the previous section, there is a limitation to the proportion of 

kinetic energy that a wind turbine can extract from the wind, which is equivalent to 16/27 or 

59.3%, as defined by Betzô Law (Betz, 1919). The proportion of energy extracted is generally 

referred to as the Power Coefficient, ὅ. This limit was derived by assuming an ideal rotor 

extracting energy from a homogenous tube of air flowing through the rotor at a constant 

velocity. The maximum energy extraction for an ideal turbine was calculated to occur at an 

axial induction ratio of 1/3, which is defined by: 

 ὥ
ὺ

ὺ
 (2.9) 

Where ὥ is the axial induction factor, ὺ is the velocity of air exiting the rotor plane, and ὺ is 

the velocity of air entering the rotor plane. The relationship between ὅ and ὥ is described by 

the equation: 

 ὅ τὥρ ὥ  (2.10) 

 

Which is derived in detail in (Hansen, 2008). This relationship is shown graphically below in 

Figure 2. It is trivially obvious that no energy is produced when no kinetic energy is removed 

from the wind (ὥ ρ). Additionally, if all kinetic energy is removed from the air (ὥ π) no 

energy can be removed due to an unmoving mass of air blocking the flow of any further air 

through the rotor.  



11 

 

 

Figure 2: Relationship between Power Coefficient and axial induction factor for an ideal rotor 

In practice Betzô limit has not been reached, and as such all commercially available turbines 

output a suboptimal level of energy at any given wind speed. The energy output of an 

individual wind turbine model is defined by its power curve. 

A power curve is an experimentally measured relationship between wind speed and expected 

power output, as per the methodology prescribed by the IEC 61400-12-1 standard 

(International Electrotechnical Commission, 2005). That is, corresponding wind speeds and 

power outputs are averaged over 10 minute periods, and then placed into bins with a width 

of ‏ὺ πȢυ άȾί. The power outputs are then averaged again within each individual bin. This 

is the industry standard at the moment, but recent studies have suggested that a dynamic 

power curve will produce more accurate results (Milan et al., 2008). For the purpose of this 

study, the IEC 61400-12-1 method will be applied, such that calculated power curves can be 

compared directly with manufacturer specified power curves. The power curve of the 

Enercon E-44 turbine is shown below in Figure 3 for reference. 
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Figure 3: Power curve of the Enercon E-44 wind turbine (Enercon, 2013a) 

The power curve is the function described as ὖὺ in Equation 2.3. Therefore the power 

curve, along with the Weibull distribution, is one of the two main components required to 

estimate the AEP of a turbine at a particular site. The next section will discuss how turbines 

can be compared, and how developers select turbines. 

 

2.3.  WIND TURBINE SELECTION  

This section aims to satisfy objectives 1 and 2, as outlined in Section 1.3, by discussing 

methods of comparing turbines and then methods of selecting the optimum turbine for a 

particular site. 

2.3.1. METRICS FOR TURBINE COMPARISON 

Trivially, the desired outcome when building or designing a wind turbine is to produce as 

much electricity as possible, as cheaply as possible, to maximise profits. Energy 

infrastructure projects are commonly compared based on their Levelized Cost of Electricity 

(LCoE), which is defined by the following equation: 

 
,#Ï%

ὅ В ὅ ρ Ὠϳ

В ὗ ρ Ὠϳ
 

(2.11) 

Where ὅ  is the total cost in year ὲ, until the end of the investment period in year ὔ. 

Similarly ὗ  is the production of energy in year ὲ. The discount rate for the project is shown 

as Ὠ in the above equation. The LCoE is commonly expressed in units of Cents per kilowatt-
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hour or Dollars per megawatt-hour. The use of a discount factor on the denominator of the 

LCoE is not to discount the annual energy production, but is just an algebraic consequence of 

the derivation of the LCoE equation, as shown in (Short et al., 1995). 

For wind turbine investments the initial cost consists of turbine purchase, transport, erection, 

and grid connection. The annual costs generally consist of running costs as well as operation 

and maintenance costs. These costs will be described in greater detail in Sections 2.6 and 2.7. 

The LCoE of an investment is useful for comparing wind turbines as it describes both the fit 

of a wind turbine to a particular site (i.e. itôs AEP) and relative difficulty to 

acquire/construct/maintain (i.e. costs) in a single parameter. 

Turbines themselves can also be compared based on their Capacity Factor (CF). That is, the 

proportion of time they are operating at their rated capacity, described by the following 

equation: 

 
#&

!%0

ὖὸ
 

(2.12) 

Where ὖ is the rated power of the turbine (i.e. generator capacity) and ὸ is the number of 

hours in a year. The CF is useful for determining how well matched a turbine is to a 

particular site. However, this metric does not take the costs of acquiring and maintaining 

turbine into account, and is therefore not as useful as the LCoE. 

Objective 1 of the thesis was to, ñIdentify the common goals of the wind turbine selection 

processò. As discussed in this section, the common goal is to choose a wind turbine that 

produces the most electricity for the least cost (i.e. to minimize LCoE). 

 

2.3.2. TURBINE SELECTION METHODOLOGY 

In an interview with an energy infrastructure developer (Arnardóttir, 2013) the general 

approach to turbine selection for a chosen site was described as a trial and error process that 

follows the approach of: 

1) Define conditional limits on price, turbine capacity; 

2) Find a subset of commercially available turbines that fit these conditions; 

3) Use a software package (e.g. WAsP or other CFD-based software) to estimate AEP; 
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4) Contact the manufacturers of the best performing turbines (i.e. Highest AEP) to start 

the bidding process; 

5) Choose a turbine based on LCoE using the negotiated prices, and estimates of 

transportation, construction and annual costs. 

The first step aims to reduce the set of turbines to assess by removing turbines that are above 

a set price threshold, normally limited by the developerôs access to capital. The turbines are 

restricted again based on spatial requirements (e.g. size limits for zoning, or social impacts), 

and practical requirements (e.g. proximity of the grid, grid capacity, demand for electricity). 

The second step applies these conditions, but is also restricted based on how informed the 

developer is regarding what is commercially available. As such it is possible that the turbines 

selected for comparison in Step 3 are a subset of the available turbines. 

A similar approach to that described above was used in (Helgason, 2012) for selecting 

turbines at particular locations. In this paper an arbitrary set of commercially available 

turbines was selected, and the power curve of each turbine was used to assess each turbineôs 

performance. Cost-scaling relationships were then used to estimate LCoE. Both of these 

turbine selection processes make two large assumptions: 

1) That the optimum wind turbine is part of the subset of turbines evaluated; 

2) That the optimum wind turbine is commercially available.  

The first assumption is generally made because evaluating turbine performance using a trial-

and-error method is laborious. The second assumption is generally made because wind 

turbine developers have no control over the products that are designed and supplied to them 

by manufacturers. 

However, most turbines available on the market are designed for applications in mainland 

Europe and North America, and therefore the 2
nd

 assumption listed above also assumes that a 

turbine that suits Europe and North America is suitable for Iceland. Comparison of the 

optimum turbine determined by the model with a set of existing turbines should allow for 

these assumptions to be investigated. 

As outlined in Section 1.3, Objective 2 of this study is to, ñevaluate critically the use of a 

trial-and-error approach to turbine selectionò. The weaknesses of the trial-and-error approach 

have been identified in this section as: 

1) Evaluates only a subset of commercially available turbines; 
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2) Assumes that the ideal turbine exists on the market, and in the chosen subset; 

3) Requires a time consuming trial-and-error approach. 

 

An attempt to get around these weaknesses was made by (Martin, 2006), by applying a Blade 

Element Momentum theory model (discussed in detail in Section 2.5) and basic cost-scaling 

relationships to determine the optimum sizing of rotors and generators for a given capital 

cost. This method successfully bypassed assumptions 1 and 2 above, assessing the entire 

range of possible rotor-generator pairs, regardless of whether they are commercially 

available. 

This method however failed to capture the influence of hub heights and towers on production 

and costs, resulting in a simplistic model of how turbines operate. The paper also ignored the 

importance of LCoE as a performance metric. Additionally, the cost of rotor-hub 

combinations is not transparent to developers, and therefore the results of the paper are likely 

to be of use subjectively rather than objectively. 

Therefore, the ideal method of turbine selection would be one that: 

1) Does not require prerequisite knowledge of what is commercially available; 

2) Can evaluate the entire set of theoretical wind turbine designs; 

3) Does not exclude components of the wind turbine in the analysis; 

4) Is not affected by non-linearity or a large number of variables; 

5) Produces an optimal solution based on LCoE. 

To be able to satisfy the first two conditions, the process of wind turbine design must be 

understood. This is discussed in the next section. 
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2.4.  WIND TURBINE DESIGN 

A typical horizontal axis wind turbine consists of four main parts: 

¶ Rotor blades; 

¶ Nacelle (housing the gearbox, generator, brakes and control mechanisms); 

¶ Tower; 

¶ Foundation. 

The rotor blades are long aerofoils that rotate as air moves across them, due to aerodynamics 

forces. The rotors rotate around a hub, at which point they are fixed to a single shaft, housed 

in the Nacelle. The moment generated by the rotor blades is therefore concentrated at a single 

axis along the shaft. The shaft then enters a gearbox which increases the rpm of the shaft to a 

speed that matches the generator. The generator then turns the rotational energy of the shaft 

into electricity, which is conveyed from the nacelle to the ground by cables on the inside of 

the tower. 

Control mechanisms are also housed in the Nacelle. The two main control mechanisms are 

the yaw control and pitch control, which adjust the orientation of the Nacelle and the angle of 

the rotors, respectively. Brakes are also housed in the nacelle, which slow down the rotational 

speed of the shaft and rotors during high wind speeds. Wind turbines also generally have an 

anemometer and wind vane to send wind speed data to a control system in real-time, which 

then automatically operates the control mechanisms and brakes. In the context of this study, 

the four main components are the rotors, the generator, the tower and the control system. The 

general constraints on their size and selection are discussed below.  

Rotors 

The main attributes of wind turbine rotors are the shape (profile, twist, and chord length), the 

materials and the radius. The shape and materials are not within the scope of this study. The 

radius length depends upon the strength of the materials used, and the expected aerodynamic 

forces that the rotor may experience. The largest rotor currently available on the wind turbine 

market is the Siemens 6MW Offshore wind turbine, which has a diameter of 154 metres, or a 

radius of 77 metres (Seimens, 2011). There is no limitation on the minimum rotor length, 

other than economics and general sensibilities. 

Generator 

Although many types of generators exist, they are all commonly defined by their maximum 

electricity generating capacity. The costs and benefits of different types of generators are out 
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of the scope of this study. The largest generator available on the wind turbine market is the 

Enercon E-126 with a nameplate capacity of 7.58 MW (Enercon, 2013b). Similar to the rotor, 

there is no meaningful limitation on how small the nameplate capacity can be. 

Tower and Foundation 

The tower height, material and thickness are constrained by the static weight of the nacelle 

and rotors, as well as the dynamic aerodynamic loading on the entire structure. The 

foundation size is dependent upon the same loading, as well as the geotechnical properties of 

the chosen location. For this study only the height of the tower will be considered. The largest 

tower height constructed to date is 160 metres, using a lattice tower (Epoznan, 2012). Tubular 

steel towers are typically no taller than 80 metres (Fingersh et al., 2006). The limiting factor 

on the minimum tower size is the length of the rotors, as the tower must be tall enough to 

ensure that the rotors operate at a safe distance above ground level. A review of ground 

clearance regulations in the USA (Oteri, 2008) found that the minimum acceptable ground 

clearance of the rotor ranged from 3.6 to 22.5 metres, with an average of 10.8 metres. 

Control Systems 

Control systems refer to the systems that control the rotational speed of the rotors. The 

rotational speed of the rotors is controlled for both safety reasons (using brakes) and 

performance reasons (using pitch or variable RPM). Typically the cut-in speed for a turbine is 

constrained only by the parasitic load of the wind turbines systems, as there is no benefit in 

operating a wind turbine if the energy it produces is less than its systemôs requirement. The 

cut-out speed however is limited to prevent mechanical failure of wind turbines. Modern 

wind turbines typically cut-out at 25 m/s. 

The RPM of the rotors is normally limited by the capacity of the generator and the gearbox. 

The pitch angle of the rotor is only limited in the sense that a rotor at a pitch angle of 90° is 

likely to produce no rotational force. 

As stated in Section 2.3, the best wind turbine is one that has the lowest LCoE. Therefore, it 

is important to understand how each component affects the overall electrical output and cost 

when designing a wind turbine. This will be discussed in the following two sections. 
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2.5.  TURBINE ELECTRICAL OU TPUT ESTIMATION  

This section will cover some of the commonly used methods for calculating wind turbine 

output that could be considered state-of-the-art. Software packages such as WAsP and 

WindPro are considered to be the present state-of-the-art tools in the wind turbine industry, as 

well as Computational Fluid Dynamic models based on Navier-Stokes equations. However, 

there are few available analytical methods that do not require proprietary software packages. 

The most common method used today is the Blade Element Moment theory (BEM theory) 

which applies fundamental aerodynamic and physical equations to predict power output. This 

is supported by the commentary of (Sørensen, 2011), who states that: 

On the basis of various empirical extensions, the BEM method has developed into a 

rather general design and analysis tool that is capable of coping with all kinds of flow 

situations. Owing to its simplicity and generality, it is today the only design 

methodology in use by industry. 

Blade Element Momentum (BEM) theory was developed by Betz and Glauret in 1935  in 

order to calculate the lift generated by screw propellers (Glauert, 1935). BEM theory is based 

on two assumptions. The first that rotors can be broken up into annular 2D segments that act 

independently of one another, for which the aerodynamic lift and drag forces can be 

computed. The second assumption is that the momentum or pressure lost by the flow of air is 

equal to the work done by the air flow on the rotor. These assumptions do not account for 

flow across the rotors, or tangential to the rotors, and do not allow for bending of the rotor 

blades. 

Given the simplicity of the BEM theory, a number of corrections have been developed to 

improve its accuracy and to account for aerodynamic effects that were initially discounted. 

The most commonly used corrections are: 

¶ Prandtlôs tip loss factor: to allow for energy losses due to the movement of air around 

the tip of the rotor blade; 

¶ Glauretôs turbulent wake correction: to improve the calculation of thrust forces for 

high axial induction factors (ratio of inlet velocity to outlet velocity); 

¶ Hub-loss corrections: allow for turbulent losses close to the hub; 

¶ 3D Rotational Corrections: to allow for 3D rotational effects on the lift and drag 

coefficient of the aerofoil.  
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All of these corrections, except for the hub-loss correction, are used in the model developed 

for this study, in order to guarantee that it is using state-of-the-art methods. The hub-loss 

correction was excluded as the first element of the blade is assumed to produce no rotational 

forces, therefore no correction is necessary. The BEM theory method used for this study 

follows the method outlined in (Hansen, 2008) and (Moriarty and Hansen, 2005). As stated in 

(Hansen, 2008), the key steps in a BEM theory algorithm, including the above corrections, 

are: 

1) Set the axial and tangential induction factors (ὥ and ὥᴂ) to 0 for Ὥ blade element 

2) Calculate the local flow angle (‰)  

3) Calculate the local angle of attack (‌) 

4) Look up the Lift and Drag force coefficients from the reference table (CL and CD) 

5) Adjust Lift and Drag force coefficients for 3D rotational effects 

6) Calculate the Normal and Tangential force coefficients (CN and CT) 

7) Calculate the axial and tangential inductions factors (ὥ and ὥᴂ) 

8) If ὥ and ὥȭ have changed more than a certain tolerance, go to step 2 or else finish. 

9) Compute the local loads on the segment of the blades. 

That is, for a given wind speed, rotor rpm and pitch angle, the moment and thrust loading can 

be calculated for a single segment of a rotor blade (i.e. as shown in Figure 4). The model 

developed for this study follows these steps in calculating the loads on a blade element. The 

calculations required for each step will now be discussed in detail. 

 

Figure 4: Annular element of wind turbine as assessed by BEM Theory (Moriarty and Hansen, 2005) 

 



20 

 

The first step of the BEM theory algorithm is trivial, in that the axial (ὥ ) and tangential (ὥ  

induction factors are set to zero, that is: 

 ὥ ὥ π (2.13) 

These two factors are the basis of the iterative process of the BEM Theory algorithm. The 

second step is to calculate the flow angle. The flow angle is defined as the angle between the 

rotational plane of the rotor and relative direction of the air velocity. The relative direction of 

the air velocity is the vector product of the actual wind velocity (perpendicular to the 

rotational plane) with the rotational speed of the rotor blade (tangential to the rotational 

plane). This is shown visually by ὠ  in Figure 5. 

 

Figure 5: Definition of relative air velocity and air flow angle (Hansen, 2008) 

The air flow angle for the Ὥ blade element is calculated using the following equation: 

 
ÔÁÎ‰

ρ ὥὠ

ρ ὥ‫ὶ
 

(2.14) 

Where ὠ is the wind speed approaching the rotor blade, ,is the radial velocity of the rotor ‫ 

and ὶ is the radius for blade element Ὥ. The flow angle is then used to calculate the local 

angle of attack ‌, for step 2, using the following equation: 

 ‌ ‰ — (2.15) 

Where the local pitch angle ( —) is defined as the overall rotor pitch angle (—) plus the local 

twist angle of the rotor (‍): 

 — — ‍ (2.16) 

The fourth step is to use the angle of attack calculated in Equation 2.15 to look up the lift 

(CL) and drag (CD) coefficients for the S809 airfoil, which are listed in Appendix 7.3. When 

the angle of attack is not an integer value, the lift and drag coefficients are linearly 

interpolated from the table. The lift and drag coefficients must then be corrected for 3D 

rotational effects. This correction follows the methodology developed in (Chaviaropoulos and 
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Hansen, 2000) and described in (Hansen, 2000). The correction is made to the lift or drag 

coefficients using the following equation: 

 ὅȟ ὅȟ Ὢ ςȢς ὧὶϳ ȢÃÏÓ‍Ўὅ (2.17) 

Where: 

 Ўὅ ὅȟ ὅȟ   and Ўὅ ὅȟ ὅȟ  (2.18) 

 

Where ὼ refers to either ὒ or Ὀ, depending on which coefficient is being adjusted.  Also, ὧ 

refers to the chord width of the airfoil element, ὶ is the radius of the element and the 

subscripts ςὈ and σὈ refer to the original and corrected coefficients, respectively. The Ὢ  

factor in Equation 2.17 is used to ensure that the correction only applies for low angles of 

attack. This factor is defined by the following equation: 

 

Ὢ

ρ

πȢυÃÏÓ“ ρ

π

     πЈ‌ ρυЈ
  ρυЈ‌ ςυЈ
               ‌ ςυЈ

  

(2.19) 

 

 

The lift and drag coefficients are perpendicular and parallel to the relative air velocity, 

respectively. However, the relative air velocity approaches the plane of rotation at the flow 

angle (‰), therefore the force that causes rotation will be a combination of both lift and drag 

effects. Step 6 corrects the lift and drag coefficients for this angle, resolving them into normal 

and tangential coefficients, using the following equations: 

 ὅ ὅÃÏÓ‰ ὅÓÉÎ‰ (2.20a) 

 ὅ ὅÓÉÎ‰ ὅÃÏÓ‰ (2.20b) 

These two coefficients can then be used to calculate new values for the axial and tangential 

induction factors (ὥ and ὥᴂ). Both the Prandtl tip-loss and Glauretôs turbulent wake 

corrections are applied in this step of the calculations. Due to convergence issues of the 

Prandtl tip-loss formula, the following modified tip-loss equation was used: 

 
Ὂ  ÃÏÓὩ Ȣ  

(2.21) 

Where, 

 
Ὢ  

ὄ

ς
 
Ὑ ὶ

ὶÓÉÎ‰
 

(2.22) 
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Where ὄ is the number of rotor blades. The new axial induction factor is calculated using the 

following equation: 

 
ὥ  

τὊÓÉÎ‰

„ὅ
ρ  

(2.23) 

Where „ is the solidity factor, which is the fraction of the swept annular area that is covered 

by the blades, calculated by: 

 
„

ὧὄ

ς“ὶ
 

(2.24) 

Glauret however determined that Equation 2.23 is only valid for low axial induction values, 

below some critical value ὥ. The value of ὥ  is approximated to be 0.2 as per (Wilson, 

1994). In the case that ὥ ὥ the axial induction factor is calculated using: 

 ὥ ς ὑρ ςὥ ὑρ ςὥ ς τὑὥ ρ  (2.25) 

Where, 

 
ὑ

τὊÓÉÎ‰

„ὅ
 

(2.26) 

The new tangential induction factor is calculated using the following equation: 

 
ὥᴂ  

τὊÓÉÎ‰ÃÏÓ‰

„ὅ
ρ  

(2.27) 

 

Step 8 of the algorithm is to compare the new axial and tangential induction factors with the 

assumed values in Step 1. The values are compared iteratively until the algorithm converges 

within some tolerance. The equation used to check convergence for the model used in this 

study is: 

 ȿὥ ὥȿ ȿὥᴂ ὥᴂȿ ρπ (2.28) 

 

If the above statement is false, the algorithm returns to step 1, but with: 

 ὥ ὥ  ȟ        ὥᴂ ὥᴂ  (2.29) 
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The algorithm continues until the statement in Equation 2.28 is true, when the BEM 

algorithm has converged. The thrust force on the blade elements in the annular area is then 

calculated using the following equation: 

 
ὨὝ ”ὄ

ὠ ρ ὥ

ÓÉÎ‰
ὧὅὨὶ 

(2.30) 

The total thrust force on the rotor blades is trivially the sum of all the elemental thrust forces. 

The tangential force at a point on a single blade element is calculated using the following 

equation: 

 
ὖȟ ”

ὠ ρ ὥ‫ὶρ ὥ

ÓÉÎ‰ÃÏÓ‰
ὧὅὶὨὶ 

(2.31) 

The tangential force between ὶ and ὶ  can then be interpolated using: 

 ὖ άὶ ὼ (2.32) 

Where, the slope and intercept coefficients are calculated as: 

 
ά

ὖȟ ὖȟ
ὶ ὶ

 
(2.33) 

 

 
ὼ

ὖȟ ὶ ὖȟ ὶ

ὶ ὶ
 

(2.34) 

Therefore the incremental moment across a blade element is defined by the following 

equation, when combined with the linear interpolation: 

 Ὠὓ ὶὖὨὶ άὶ ὄὶὨὶ (2.35) 

For a particular element the moment is calculated as: 

 
ὓ ȟ άὶ ὄὶὨὶ 

(2.36) 

Which can be reduced to: 

 ὓ ȟ ά ὶ ὶ ὼὶ ὶ  (2.37) 

Therefore the torque generated by the rotors can be calculated as the number of blades, 

multiplied by the sum of the moments on the individual blade elements: 
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ὓ ὄ ὓ ȟ 

(2.38) 

This assumes that the first element of the blade does not produce torque to the shaft given the 

presence of the hub. Finally the power generated by the turbine is calculated by the following 

equation: 

 ὖ ὓ (2.39) –‫ 

Where – is the combined efficiency of the gearbox and generator, which is assumed to be 

95%. 

Using the BEM theory algorithm allows for the power output of a turbine to be calculated for 

a range of wind speeds (by changing ὠ). The curve that defines the power output for a range 

of wind velocities is known as a ópower curveô and is sufficient for estimating AEP for a 

wind turbine at a particular site with a known wind speed distribution. The next section will 

discuss methods of estimating costs of wind turbines. 

  

2.6.  WIND TURBINE COST 

The cost of wind turbines can be broken down into three components. These are initial costs, 

fixed annual costs, and variable annual costs. The initial costs consist of the cost to purchase, 

transport and install the wind turbine, as well as costs associated with permits and supporting 

infrastructure. A breakdown of the initial costs for a single wind turbine is shown below in 

Figure 6. This is based upon a study of the state of the wind industry in 2011 (Wiser and 

Bolinger, 2012). Quite clearly the initial costs are dominated by the purchase of the turbine. 
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Figure 6: Breakdown of initial costs associated with a turbine constructed in 2011 (Tegen et al., 2013) 

The installation cost was estimated to be 2098 USD/kW for a new turbine in 2011, with 

annual costs (combined variable and fixed) of 35 USD/kW (Tegen et al., 2013). The LCoE 

for a new wind turbine is estimated by the same study to be 72 USD/MWh, assuming an 

interest rate of 8% and a 20 year investment period. 

A study by the NREL on cost scaling relationships of wind turbine components provides a 

more detailed breakdown of initial and annual costs (Fingersh et al., 2006). The cost scaling 

relationships in this paper are based upon material price estimates, component mass 

estimates, and on a review of other literature on cost scaling. These equations are summarised 

in Appendix 7.4. This is currently the most detailed publication of cost scaling equations for 

wind turbines that is publically available. These equations are used in this paper to 

approximate the costs of turbines, which is used as a metric for turbine comparison. 

The study differentiates between four types of generators and their respective gearboxes and 

mainframes. The performance of gearboxes and generator types is outside of the scope of this 

study, therefore a single cost-scaling equation will be used for the gearbox, generator and 

mainframe. The generator is assumed to be a medium-speed permanent magnet generator 

with a single-stage gearbox, and the relevant cost calculations from (Fingersh et al., 2006) are 

used in this study. 
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2.7.  ECONOMIC ANALYSIS OF WIND POWER INVESTMENTS 

As stated in the previous section, wind turbine investments are normally characterised by a 

large initial investment cost, with relatively small fixed and variable annual costs. The only 

form of profit associated with wind turbines in Iceland is the sale of electricity. The initial 

investment costs are normally covered by a loan (if not completely funded with equity) which 

is then paid off over the period of production as regular repayments. In general, if the gross 

income generated in each year does not exceed the annual costs (operational costs plus loan 

repayments) then the investment is not viable. 

The main metric for comparing the profitability of energy investments is the Levelized Cost 

of Electricity (LCoE). This is the average marginal cost of producing energy, and can be used 

as a preliminary measure of profitability. That is, if the LCoE of an energy investment is 

lower than the wholesale price of electricity, there is a margin in which profits can be made. 

Similarly, if the wholesale price of electricity is unknown, the LCoE of two potential 

investments can be compared, where the lower LCoE defines the more profitable investment.  

 

2.8.  GENETIC ALGORITHMS  

An optimization method must be adopted to minimize the LCoE of wind turbines. For a 

simple optimization problem, with linear functions and a single variable, the most economic 

optimization technique is likely to be an arithmetic solution. Multi-variable and non-linear 

problems, however, require more complicated approaches. One such approach is to use a 

Genetic Algorithm (GA); first described by John Holland (Holland, 1973). A GA is a search 

algorithm that attempts to find the optimum solution to a problem by applying the concepts of 

natural selection (competition, mutation, crossover, etc.). In general a GA process is defined 

by the following steps: 

1) Define optimization variables (e.g. rotor length) and a fitness function (e.g. LCoE); 

2) Constrain the size of the variables (e.g. tower height from 1 to 100 metres); 

3) Define GA parameters (mutation and crossover rates, competition method, population 

size, maximum number of iterations); 

4) Randomly generate an initial population of chromosomes (i.e. binary strings 

representing distinct solutions); 

5) Calculate the fitness value of each chromosome; 

6) Retain a proportion of the best performing chromosomes and discard the rest; 
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7) Replace the discarded chromosomes by using a breeding/inheritance algorithm on the 

retained chromosomes; 

8) Perform crossover and mutation operations on each chromosomes; 

9) Repeat steps 5-8 until the exit criterion has been satisfied. 

An optimization approach using GAs has been used in this study due to previous experience 

with the technique, and access to pre-existing GA code in C++ (Garrett, 2013). The finer 

details of the methodology adopted will be discussed in Section 3.3 and Section 3.7. 

Alternate optimization techniques may be more efficient at optimizing turbine designs, but 

comparing optimization methodology is out of the scope of this study. The previous 

application of GAs in wind power design, suggest that the use of a GA in this study is a valid 

choice. Evolutionary algorithms were used by Kusiak and Zheng to optimize the control of 

rotor pitch and generator torque for a Doubly Fed Induction Generator, optimizing the power 

factor (Kusiak and Zheng, 2010). A study by Grady used Genetic Algorithms to arrange wind 

farms (Grady et al., 2005), and a study by Fahmy used the Beeôs algorithm (similar 

conceptually to genetic algorithms) to optimise rotor speeds (Fahmy, 2012).  

Genetic Algorithms have also been used to find the optimum shape for rotor blades (Jureczko 

et al., 2005), (Eke and Onyewudiala, 2010), (Bureerat and Kunakote, 2006), and for turbine 

design (Sagol, 2010), (Dong et al., 2013) and (Ceyhan et al., 2009). These six papers will be 

discussed in more detail in the next section. 

2.9.  BEM,  COST-SCALING AND GA BASED TURBINE OPTIMI SATION MODELS  

The previous sections of the literature review present brief explanations of concepts that are 

used in the design or selection of wind turbines. This section will discuss how these concepts 

have been combined in previous research on the wind turbine selection or design process. 

Reviewing the methods applied to date will help achieve the third objective of the thesis 

which is to óDevelop a turbine selection model that incorporates state-of-the-art methodsô, as 

stated in Section 1.3. Research to-date can be split into three categories: trial and error; partial 

BEM-Cost-GA; and complete BEM-Cost-GA methods. Each of these categories are 

discussed in the following sub-sections. 

 

2.9.1. TRIAL AND ERROR METHODS 

Section 2.3 briefly covered the methodology adopted by Helgason, being the calculation of 

AEP and LCoE for 47 turbines at 48 locations around Iceland (Helgason, 2012). By using 
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manufacturer specified power curves, the use of BEM theory is avoided, but it also assumes 

that the ideal turbine is included in this chosen set of 47. The cost function used in 

Helgasonôs report is only based on the rotor diameter, and therefore fails to capture the 

marginal costs of changing generator and tower sizes. The paper looks at 2256 turbine-

location pairings, and therefore does not need Genetic Algorithms in order to find the 

optimum scenario. The optimum turbine-location pair is selected as the pair with the lowest 

LCoE. The limitations of this method are the lack of detail in the costing, and the assumption 

that the ideal turbine is included in the chosen set of 47. The impact of varying the generator 

capacity and the tower height should also be included. A similar method is used by Eltamaly, 

who evaluates a set of 100 turbines, but with a cost function that is solely based on the 

generator size (Eltamaly, 2013). 

 

Other trial-and-error method applications include that of (Jowder, 2009), who performs a 

similar analysis but for a set of only 5 turbines in Bahrain. Capacity Factor is chosen as the 

fitness function, resulting in turbines with the lowest rated speed to be selected as óoptimumô. 

This is not a useful result in any practical sense for designers or developers, as high capacity 

factors do not imply low LCoE or high AEP. Similarly (El-Shimy, 2010) uses capacity factor 

as a basis for turbine selection from a set of 14 turbines. Finally (AbulôWafa, 2011) uses self-

developed indexes based on Capacity Factor and Rated Speed to select turbines from a set of 

25, as well as using LCoE, but fails to properly define how LCoE and AEP was calculated.  

2.9.2. PARTIAL BEM-COST-GA METHODS 

There exist a few partial applications of the BEM-Cost-GA approach that is proposed in this 

study. A study by Martin applied BEM theory in sizing the rotor and generator, based on a 

simple cost scaling equations (Martin, 2006). The optimum rotor-generator size was found by 

calculating all possible permutations, reducing the rotor and generator size to a single 

variable and plotting this variable against AEP. Graphical curve-fitting approaches such as 

this one are only possible once the problem has been reduced to two degrees of freedom. The 

main weaknesses identified in this approach are the open-loop, iterative implementation of 

BEM theory, and simulation of only fixed speed turbines (despite most modern turbines 

being variable speed). 

 

Some more detailed implementations include that of (Fuglsang et al., 1998), (Jureczko et al., 

2005) and (Bureerat and Kunakote, 2006) who use BEM theory in order to optimize the 
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shape and material of rotor blades, respectively. These studies also apply Numerical Search 

Methods in order to optimize the design, and use the blade mass as the fitness function as a 

substitute for cost. The methods applied in these three studies are useful for the design of 

rotors, but cannot be applied to overall turbine design/selection. A recent study by Dong also 

applied genetic algorithms to select turbines, but only calculated self-defined indexes to 

compare turbines, given a particular set of Weibull parameters (Dong et al., 2013). The 

weaknesses identified in these papers were the use of sub-optimal fitness functions that are 

not easily interpreted, and failure to model the entire structure of the turbine.  

 

2.9.3. COMPLETE BEM-COST-GA METHODS 

In the past 5 years there have been a few attempts to implement a wind turbine 

design/selection model that combines BEM theory with cost scaling models and genetic 

algorithm optimization. (Eke and Onyewudiala, 2010) optimize for the shape of the turbine 

rotors only, using a simplified cost model derived by (Xudong et al., 2009). The study finds a 

rotor blade shape that improves upon the LCoE for a particular turbine in a particular location 

by 3.5%. Similarly, (Ceyhan et al., 2009) optimizes for the rotor blade shape (twist and chord 

length) and size, but keeps the generator size and tower size constant. 

 

The technique used by (Sagol, 2010) is the most similar to that proposed in this study. Sagol 

applies BEM theory, using the turbine cost study by (Fingersh et al., 2006) to optimize the 

design of a wind turbine using a Genetic Algorithm. The variables optimized are the 

generator capacity and the blade shape (S809 aerofoil or NREL S-series family of aerofoils). 

The tower height, rotor length, RPM and pitch are all held constant. The general objective of 

the paper was to analyse an existing turbine and to determine how much the LCoE could be 

reduced by manipulating the shape of the rotors and the capacity of the generator. 

 

The study by Sagol is only relevant for a designer who is looking to optimize a particular 

design. The chord length and twist attributes of a rotor blade are normally unknown to a wind 

turbine developer due to it being proprietary knowledge of the designer, and therefore are 

irrelevant to the turbine selection process from the developerôs perspective. 

 

The common shortcomings identified in research to-date, if used for the sake of wind turbine 

selection, are: 
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¶ Modelling only fixed speed turbines; 

¶ Overly-simplistic cost-scaling models; 

¶ Optimization of parameters that cannot be known by the developer (i.e. blade shape); 

¶ Sub-optimal fitness functions (i.e. optimizing for capacity factor instead of LCoE); 

¶ Restriction to a small set of turbine designs; 

¶ Slow optimization techniques (i.e. brute force calculations or manual iterations); 

¶ Failure to account for impact of changing tower height on cost and production. 

 

As such, the model developed in this study will attempt to address these shortcomings, and to 

provide a model that is useful in identifying the ideal turbine design for a particular site in 

Iceland.  
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3. RESEARCH METHODS 

The third objective of this study is to develop a model to predict the output of a wind turbine 

based on state-of-the-art methods. The previous section established state-of-the-art methods 

for optimizing the design of wind turbines based on their LCoE. This section will detail how 

these state-of-the-art methods will be built into a model, how the model will be verified, how 

the Genetic Algorithm will be applied, and how the weaknesses identified in the previous 

section are to be addressed. 

3.1.  GENERAL MODEL STRUCTURE  

In order to calculate the electrical output and cost of a wind turbine, and to optimize the wind 

turbine design based on these parameters, a computational model was developed. The model 

was programmed in C++ given the efficiency of the language in performing a large number 

of calculations. The general structure of the model is shown below in Figure 7.  

 

Figure 7: Schematic diagram of the computational model developed for this study 
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Given the weaknesses outlined in the previous section, the design variables chosen for the 

model are: 

¶ Rotor radius [m]; 

¶ Generator capacity [kW]; 

¶ Hub height [m]; 

¶ RPM; 

¶ Pitch angle [degrees]. 

These wind turbine characteristics were chosen as variables as they cover the main 

characteristics available to developers during the period in which the turbines are being 

selected. These variables are also sufficient to estimate a power curve, and therefore are 

suitable for estimating annual energy production. For simplicity, hub height and tower height 

are assumed to be equivalent.  

Table 1 below lists the potential wind turbine design variables that were kept constant in the 

model, as well as their assumed values. The generator and gearbox types were kept constant 

in order to maintain the simplicity of the model. Similarly, the performance of the gearbox 

and generator has been assumed as a combined fixed efficiency of 95%. 

Table 1: Assumed values for wind turbine design variables that are not optimised in the model 

Variable Value 

Generator Type Medium-Speed Permanent-Magnet Generator 

Gearbox Type Single stage gearbox 

Combined Generator Gearbox Efficiency 95% 

Blade Profile NREL S809 

Blade Twist/Chord As per Appendix 7.2 

Blade Count 3 

Wind Cut-out Speed 25 m/s 

 

 The blade profile is assumed to be the NREL S809 profile, as the blade profile and lift-drag 

characteristics are publically available, and have been used extensively in previous research 

(Hansen, 2000), (Ramsav et al., 1996), (NREL, 2000). Similarly, the blade twist angles and 

chord lengths have been assumed to be the same as those used by the NREL in their 

experiments with the S809 profile. 
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As previously mentioned, most studies that applied BEM Theory and Genetic Algorithms to 

turbine design/selection only optimised the rotor blade shape. However the shape and 

performance data for rotor blades is proprietary and not easily accessible to turbine 

developers. Therefore it is not useful to optimise for a hidden variable in the turbine selection 

process. Instead, by keeping the blade profile constant, the general scale of the ideal turbine 

can be determined and then compared with turbines that exist on the market. 

Given the dominance on the market of three-bladed wind turbines, the number of blades has 

been kept constant. Similarly, the majority of wind turbines on the market have accepted 25 

m/s as a reasonable cut-out speed. In an Icelandic context, increasing the cut-out speed 

beyond 25 m/s is unlikely to have any noticeable effect on the AEP. Using the Weibull curve 

in Figure 12 as an approximation, the wind speeds at Búrfell only exceed 25 m/s 0.01% of the 

time (equivalent to 35 minutes per year). Therefore cut-out speed has been set as a static 25 

m/s to accurately reflect the current turbine market. 

 

3.2.  SIZE AND COST CONSTRAINTS FOR WIND TURBINE  

Given that genetic algorithms are a special case of numerical search methods, the search 

space for the algorithm needs to be properly defined. The search space is defined by the 

constraints on the possible values that the model variables can take. Given that the aim of the 

model is to reflect the present wind turbine market, the variables will be constrained to the 

maximum and minimum dimensions available on the market. 

The limiting factors are discussed in Section 2.4, and a summary of the constraints placed on 

the model variables is shown below in Table 2. 

 It should be noted that although towers up to 160m tall have been constructed, the hub height 

in the model is limited to a maximum height of 80m due to limitations in the cost-scaling 

equations. The limitation being that the equations only apply to tubular steel towers shorter 

than 80 metres. 
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Table 2: Summary of variable constraints used to define the solution space in the model 

Variable Model Constraints 

Rotor Length 0.5 ï 77 metres 

Generator Capacity 100 ï 7580 kW 

Hub Height 15 ï 80 metres  

RPM Range 1 ï 35 rpm 

Pitch Angle Range 0 ï 30 degrees 

 

3.3.  GENETIC ALGORITHM POPULATION GENERATION  

The solution space of a Genetic Algorithm (GA) is a set of binary strings (chromosomes) that 

define all the possible wind turbine designs that lie within the constraints outlined in Section 

3.2. A binary string is created by assigning each of the design variables a string of bits, and 

then concatenating the strings into a single chromosome. Each unique chromosome 

represents a unique combination of design variables. The number of bits assigned to each 

variable affects the precision of the model. The bit assigned to each of the design variables, 

and their resultant precision, are shown below in Table 3. It should be noted that the RPM 

and Pitch Angle variables are split up into separate óminimumô and órangeô variables, to allow 

for easier manipulation in the code. The strings are expressed using grey encoding. 

 

Table 3: Summary of bit assignment and variable precision (* Precision = 1, due to integer rounding in the code) 

Variable Bits Assigned Precision  

Rotor Length 10 0.075 metres   

Generator Capacity 10 7.3 kW  

Hub Height 7 0.51 m   

RPM Minimum 4 0.88*  

RPM Range 5 0.63*  

Pitch Angle Minimum 4 0.94*  

Pitch Angle Range 4 0.94*  

 

The precision of a variable reflects the detail that the model can solve for. For example, the 

minimum possible hub height in the model is 15 metres. Based on a precision of 0.5 metres 

the second smallest hub height possible in the model is 15.5 metres, and so on, until the 

maximum constraint of 80 metres is reached. The precision of a particular variable is 

calculated as: 
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Given the bit assignments defined in Table 3, the size of a chromosome is 44 bits. Therefore 

there are 2
44

, or 1.76 x 10
13

, possible solutions in the solution space. An example of a 

chromosome is shown below in Figure 8. Excluding the bits assigned to the RPM and Pitch 

Angles, there are 2
27

, or 134 million, possible solutions. If the average solution takes 1 

second to be evaluated, evaluating and comparing 134 million individual solutions would 

take 4.25 years of continuous computation. Therefore the use of a genetic algorithm is 

justifiable, in order to greatly reduce computation time.  

 

1011011010 0011001101 00110110 1101 10110 0001 1010 

Rotor  Generator  Hub  Min  RPM  Min  Pitch  

Length Capacity Height RPM Range Pitch Range 

Figure 8: Example of a possible chromosome (i.e. a unique solution in the Genetic Algorithm model) 

 

The benefit of using a GA to optimize large problems is that it uses an iterative 

competition/mutation process on small groups of chromosomes to arrive at a near optimal 

solution without the need to evaluate the entire solution space. The small set of chromosomes 

analysed in a single iteration of the GA is called a ópopulationô. 

An initial population must be generated in order for the GA to start, normally by a random 

number generator. In this case the initial population is generated by the Mersenne Twister 

number generator (Matsumoto and Nishimura, 1998), with a population size of 50. Once a 

population of chromosomes/strings/solutions has been generated it is passed into the BEM, 

cost-scaling and fitness code modules, which will be discussed in the next few sections. 
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3.4.  BEM  THEORY LOOP AND ROTOR BLADE DATA  

The power output of each string/chromosome in the GA Population is calculated using BEM 

Theory, as detailed in Section 2.5. The only difference between the convention BEM 

algorithm and the algorithm in this study is a modification to the Prandtl Tip-Loss correction 

(Equation 2.21) which caused convergence issues in the model. The Prandtl f factor 

(Equation 2.22) is calculated using the previously described method, but the Prandtl F factor 

is calculated using a function that approximately matches the original expression whilst 

avoiding the convergence issues.  

The first step in the code is to decode the chromosome into the individual optimization 

variables (as defined in Table 3). The variables are then sent to the BEM Theory module. The 

module follows the pseudo-code diagram shown below in Figure 9. In short, the module runs 

through the BEM Theory algorithm in a set of 3 nested loops which increment through the 

variable-defined RPM and pitch angle ranges, as well as all integer wind velocities up to the 

cut-out speed. These nested loops allow for variable pitch and speed turbines to be modelled. 

The maximum power output of the turbine for each wind velocity is stored in an array, which 

then forms the power curve of the wind turbine. The BEM module returns the power curve 

array as an output to the main program. 
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Figure 9: Pseudo-code diagram for BEM Theory module, which calculates the power curve given a set of input turbine 

characteristics 

As mentioned in Section 3.1, the rotor blade is assumed to be the NREL S809 design, as 

described in Appendix 7.2 and Appendix 7.3. The Rotor Blade Data component of the model 

has two main functions. The first function is to read in the blade radius and the element 

number (i.e. the annular section of the blade currently being evaluated in the BEM Theory 

calculations) and to return the blade twist and chord length. The second function is to read in 

the angle of attack and to return the lift and drag coefficients for the rotor. 

Once the power curve has been calculated and returned to the main program, it is then moved 

to the Wind Data module, which is discussed in the next section. 
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3.5.  WIND DATA  AND AEP CALCULATION  

As stated in Figure 7, the AEP calculation module follows on from the BEM theory module 

in the model. Other than the power curve, the only input for the calculation of the AEP is the 

wind data. 10 minute interval wind and air temperature data has been supplied by 

Landsvirkjun for a site at Búrfell (Iceland). The data supplied by Landsvirkjun consists of 52 

704 wind speed measurements taken every 10 minutes during 2012, from a 50 metre met-

mast at every 10 metre height interval. For confidentiality, the data has not been published 

within this study. 

Before the AEP can be calculated, the air density is adjusted using the 10 minute temperature 

data, based on the method detailed in (Nawri et al., 2013). The wind speed must also be 

adjusted to the hub height using Equation 2.1. The wind-shear coefficient, ‌, used to adjust 

the wind speeds was calculated to be 0.127 from the provided data. The AEP calculation is 

then simply calculated as:   

 

!%0 ὖὺ Ўὸ
”

ρȢςςυ
 (3.2) 

Where ὖὺ  is the power output (in kW) at a velocity equal to ὺ, which is the average wind 

speed during the time interval Ὥ, Ўὸ is the length of the time interval (in hours), and ” is the 

adjusted air density at time interval Ὥ. The resulting units are in kWh. The time interval 

ranges from 1 to 52704, which is the number of 10 minute intervals in a year. Similarly, the 

value of  Ўὸ  is fixed at 10 minutes, or 0.1667 hours. 

The model also has the capability to calculate the AEP based on Weibull Parameters, using 

the methodology described in Section 2.1.3. 

 

3.6.  COST MODEL 

As described in Section 2.6, the turbine costs are approximated by a series of cost scaling 

relationships (Fingersh et al., 2006), which are listed in Appendix 7.5. The initial costs are 

defined as a set of 24 equations that describe the cost of individual components, and the 

annual costs are described by 3 equations. In order to reduce the number of calculations 

required by the code, the 24 initial cost equations have been reduced analytically to a single 

equation: 
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(3.3) 

The cost (in 2002 USD) is therefore described as a function of the rotor radius (metres), the 

rated capacity of the generator (kW), and the hub height (metres). This cost describes the 

purchase, transportation and installation of the turbine. The cost is adjusted for inflation by 

multiplying by a factor of 1.298, given the 29.8% rate of inflation of the US dollar between 

2002 and 2013 (Bureau of Labour Statistics, 2013). The pitch angle range and RPM range are 

assumed to have no impact on the cost.  

Comparisons of the results from Equation 3.3 above with real-world cost data (withheld in 

confidence) show that the initial cost is largely underestimated by the Fingersh equations. 

Therefore Equation 3.3 is multiplied by a scaling factor in order to improve the accuracy of 

the initial cost estimates, as follows: 

 ὅέίὸ ςȢτπςςὅέίὸὙȟὖ ȟᾀ (3.4) 

 

This adjustment however is based on only a single reference point in the 3D solution space 

for the cost model. Therefore the accuracy of the cost model cannot be guaranteed for 

scenarios other than the reference point. It will be assumed that the adjusted cost model is 

accurate enough, in a relative sense, to allow for comparison between turbines. This 

weakness in the cost-scaling model is also identified by (Fingersh et al., 2006), which states: 

The WindPACT studies were not designed as optimization studies, but were structured to 

identify barriers to size increase. This model should be viewed as a tool to help identify such 

barriers and quantify the cost and mass impact of design changes on components without 

such innovation.  

The formulae used by Fingersh for annual costs were found to be quite accurate (data used 

for comparison is withheld in confidence) and are therefore used in the model as listed in 

Appendix 7.5, and multiplied by a factor of 1.298 to adjust for inflation.  

The initial and annual costs are then used to calculate the LCoE (described in Section 2.7) of 

the wind turbine, assuming an interest rate of 5%. 
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3.7.  GA FITNESS FUNCTION  AND POPULATION MUTAT ION 

A key component of GAs is the fitness function. This is the objective function for the 

optimization process. The fitness function chosen for this study was the LCoE, as it combines 

the energy production and life-cycle costs into a single metric. Therefore the objective of the 

GA is to find the global minimum LCoE achievable at Búrfell. 

Once the individual chromosomes of a population have had their fitness evaluated (i.e. LCoE 

calculated) they are then ranked and manipulated in a number of ways in order to create the 

population for the next iteration. It is useful to think of the set of chromosomes in one model 

iteration as the parent population, and the set of chromosomes in the next model iteration as 

the offspring population. The following method has been adopted to generate the offspring 

population: 

1) Pick two chromosomes at random from parent population 

2) Compare both chromosomes using tournament selection 

3) Repeat steps 1 and 2 to get a second fit chromosome 

4) Perform uniform crossover on the two fit parent chromosomes 

5) Perform bitwise mutation on the two chromosomes 

6) Send the two chromosomes to the offspring population 

7) Repeat steps 1 to 6 until the size of the offspring population is 50 

Through the processes of tournament selection, followed by crossover and mutation, the 

offspring population is expected to contain a more optimal set of chromosomes than the 

parent population. Offspring populations are generated and assessed until an exit condition is 

triggered. The following sub-sections describe each of these processes. 

 

3.7.1. TOURNAMENT SELECTION 

Multiple selection methods have been developed, as is the case for crossover and mutation, 

but for the sake of simplicity the most basic methods have been applied in this study. The 

selection method used is Tournament Selection. The two random chromosomes are 

compared, and the individual with the lowest LCoE is used in the crossover and mutation 

process. 
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3.7.2. UNIFORM CROSSOVER 

Once two chromosomes have passed the tournament selection process, the pair has a 90% 

chance of undergoing uniform crossover. If uniform crossover is triggered, each bit in one of 

the two chromosomes has a 50% chance of switching with the other chromosomes bit. This is 

illustrated by Figure 10 below, which shows uniform crossover for a pair of 10 bit 

chromosomes. 

 

Parent A: 1010011011     Uniform Crossover 

Č  

Offspring A: 1010101010 

Parent B: 0001101110 Offspring B: 0001011111 

Figure 10: Example of two 10 bit chromosomes undergoing uniform crossover 

 

3.7.3. BITWISE MUTATION 

The two offspring chromosomes generated by the uniform crossover process then undergo 

bitwise mutation. Bitwise mutation assesses each bit in each offspring chromosome and flips 

the bit from a 0 to a 1 (or vice-versa) with a pre-defined probability. For this study a 

probability equal to 1/population size, or 2%, is assumed to be satisfactory. An example of 

bitwise mutation is shown below in Figure 11. 

 

Offspring A: 1010101010     Bitwise Mutation 

Č  

Offspring A: 1010111010 

Offspring B: 0001011111 Offspring B: 0011011101 

Figure 11: Example of two 10 bit chromosomes undergoing bitwise mutation (black, underlined bits are those that were 

altered by bitwise mutation). The mutation of Offspring A has no effect on the mutation of Offspring B. 

   

3.7.4. EXIT CRITERION 

The GA processes described above can essentially run endlessly. Therefore an exit criterion 

must be defined in order to prevent an endless loop. The exit criterion adopted in this study is 

to set an upper limit on the number of fitness evaluations. Once a pre-set number of 

evaluations have been performed, the GA stops generating new offspring populations and 

outputs the optimum chromosome that it evaluated. Through trial runs of the model it was 

determined that convergence was normally achieved within 18 000 evaluations, and that 

increasing the exit criterion to 100 000 evaluations did not improve the results. Therefore a 

max evaluation limit of 20 000 has been chosen as a reasonable interval for convergence.  
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4. RESULTS 

As discussed in Section 2, the combination of BEM theory, cost-scaling models, and genetic 

algorithms may provide a suitable turbine selection method. This section will discuss the 

result of using such a model programmed in C++, based on the methodology described in 

Section 3, for a site at Búrfell, Iceland. Section 4.1 will analyse the wind data provided, 

comparing it to other studies, and putting the location into a global context. Section 4.2 will 

aim to verify the BEM theory portion of the model. Section 4.3 will outline the results of the 

combined BEM theory, cost-scaling, GA model for Búrfell and will compare the results with 

those of (Helgason, 2012). Finally Section 4.4 will perform a sensitivity analysis on the 

model, in order to determine weaknesses of the model or draw out additional insights. 

4.1.  WIND DATA ANALYSIS  

The wind speed data used in the model is data from a 50 metre met-mast at Búrfell, supplied 

by Landsvirkjun. The data includes 10-minute average wind speeds and ground temperatures 

for 2012, consisting of 52 704 separate data points. The wind speed data at a height of 10 

metres is used for the model. Although it is likely that wind speeds at 10 metres are 

influenced by topographical variations or obstacles, it is assumed that their effects are 

negligible in this study. 

The wind-shear coefficient (defined as Ŭ in Equation 2.1) was calculated to be equal to 0.127 

for Búrfell. This was calculated by using Equation 2.1 to project the average wind speeds at 

each interval from a height of 10 metres to a height of 40 metres, and comparing the 

projected wind speeds with the wind speeds measured at 40 metres. The 50 metre met-mast 

data was excluded due to data quality issues. The projected and measured wind speeds were 

compared using Root-Mean-Square-Error (RMSE), which was then minimized by changing 

the wind-shear coefficient. To check this result, the same method was repeated by projecting 

from a height of 10 metres to 30 metres, which resulted in a wind-shear coefficient of 0.124.  

The Weibull parameters for the wind data were also calculated, to allow for comparison with 

other locations. The year-long scale parameter, k, and the shape parameter, ɚ, were calculated 

to be 1.863 and 7.567, respectively. The Weibull parameters were calculated using the solver 

function in Excel to minimize the RMSE between the Weibull curve and the actual wind 

distribution. A visual comparison of the actual data and the best-fit Weibull distribution is 

shown below in Figure 12. It is graphically obvious that the Weibull distribution does not 
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perfectly match the raw 10-minute interval wind speed data. Therefore the raw data will be 

used to estimate the AEP at Búrfell, instead of the Weibull distribution. 

 

Figure 12: RMSE fitted annual Weibull Distribution for wind at Búrfell, at a height of 10m 

 

The monthly Weibull parameters were also calculated to allow for a comparison with the 

Weibull parameters determined by (Helgason, 2012). A comparison between the two sets of 

Weibull data can be made below, with the Weibull parameters fitted to the Landsvirkjun met-

mast data in Table 4, and the data from (Helgason, 2012) in Table 5. 

 

Table 4: Summary of monthly RMSE-fitted Weibull parameters for Búrfell 

Month Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec 

k 1.69 2.01 1.74 2.49 2.07 1.61 1.77 1.89 1.57 2.32 1.65 3.06 

A 8.18 8.80 9.12 7.37 7.17 5.62 5.47 7.06 6.83 7.42 9.55 9.65 

 

Table 5: Summary of monthly Weibull parameters determined by (Helgason, 2012) 

Month Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec 

K 1.58 2.02 1.71 1.96 1.75 1.64 1.58 1.36 1.48 1.69 1.79 1.70 

A 7.93 9.04 8.74 8.40 7.64 6.12 6.27 6.06 7.26 8.64 8.89 8.19 
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The monthly Weibull parameters are quite obviously different. This difference is due to the 

(Helgason, 2012) data being from a different met-mast at Búrfell, and also covering a 

different time period (1998 to 2010).  

4.2.  BEM  THEORY MODEL VERIFICATION  

The BEM model was verified by comparing it with the manufacturer power curve for the 

Enercon E-44 turbine, as well as the raw production data of one of the E-44 wind turbines 

installed at Búrfell (see Figure 13 below). The BEM model used the factory characteristics of 

the Enercon E-44 turbine as input, shown below in Table 6.  

Table 6: Model input data for Enercon E-44 Turbine 

Variable Input  

Rotor Length 22 metres 

Generator Capacity 910 kW 

Hub Height 55 metres 

RPM Range 12 - 34 

Pitch Range 0 ï 30 (estimated) 

 

The raw production data is from a period from March until October of 2013, consisting of 

14936 data points. Each data point spans a 10 minute period and consists of an average power 

output from the wind turbine SCADA data, and an average wind speed from a 60m met-mast 

located 150 metres away from the wind turbine.  The SCADA and met-mast data were 

matched using timestamp data. Each raw data point in Figure 13 is shown as a semi-

transparent dot, causing the more common data points to show up as black, with uncommon 

points showing up as grey. Given the large number of data points, the observed power curve 

is shown as a black cloud of data points, rather than a single continuous line. 
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Figure 13: Comparison of simulated power curve (generated with BEM model) with the Enercon E-44 power curve, and raw 

data from an E-44 turbine at Búrfell 

For clarity, the same comparison is shown with the raw Búrfell data represented as an 

average curve in Figure 14. The average curve was calculated using the following equation 

for each integer wind speed: 

 
ὖ ὺ

ὖ ὺ

ὲ
ȟ  Ὥȡ ὺ πȢυ ὺ ὺ πȢυ 

(4.1) 

Where ὺ is an integer wind speed, and ὖ ὺ  is the raw data power output that corresponds 

to the wind speed ὺ for each data point Ὥ that satisfies ὺ ὺ πȢυ. It is worth noting that 

the average curve seems to imply consistently larger than expected power outputs, but is 

likely due to the large number of outliers visible in Figure 13 above. 

 

Figure 14: Shows the same as Figure 13 above but with the raw data consolidated as an average power curve 
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The NRMSE (Normalized Root Mean Square Error) of the raw data from Búrfell was 

calculated for both the Enercon E-44 power curve and the simulated power curve. The results 

of the NRMSE calculations are shown below in Table 7. It should be noted that the NRMSE 

is calculated by dividing the RMSE by the maximum power output of the modelled wind 

turbine. Using the NRMSE instead of the RMSE allows for different turbines to be compared 

directly with one another.  

Table 7: NRMSE of Enercon and Simulated power curves with the raw data from one of the E-44 turbines at Búrfell 

Power Curve NRMSE vs. raw Búrfell data 

Enercon 8.0% 

Simulated 7.5% 

 

Therefore the BEM code reflects the actual power curve of the wind turbine at Búrfell, to a 

similar degree of accuracy as the manufacturer specified power curve. 

The BEM code was further verified by simulating each of the 47 turbines sampled by 

(Helgason, 2012), to prove the modelôs accuracy for all turbines. The turbines are assigned to 

reference numbers as shown in Appendix 7.5. The simulated power curve of each turbine was 

compared with the manufacturer power curve, as well as the 46 other turbines, to calculate 

the NRMSE. If the model is accurate the NRMSE should be high when compared to the 

power curve of the simulated turbine, and low for the 46 other turbines. The results of this 

verification process are shown below in Figure 15. For reference, the darkest blue cells 

correspond to an NRMSE of less than 12%. 
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Figure 15: Turbine comparison matrix showing the NRMSE of the simulated power curve for each turbine, compared with 

the actual power curve of all other turbines (i.e. an accurate model would have low NRMSE on the diagonal, and low 

NRMSE otherwise) 

The figure shows that when the simulated power curve is compared to the manufacturer 

power curve (i.e. the diagonal squares of the matrix, where x=y) the NRMSE is low. 

Otherwise the NRMSE is relatively high, which is expected from an accurate model. 

Therefore the BEM code accurately models a wide range of wind turbines with a reasonable 

degree of accuracy. Figure 16 below shows that the accuracy of the BEM code has no 

correlation to the generator capacity of the wind turbine. It is likely that the variation in 

accuracy is due to the assumption that all turbines use a S809 aerofoil for the rotor blades.  
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Figure 16: Impact of wind turbine generation capacity on the accuracy of the BEM code (measured by NRMSE when 

comparing the modelled power curve with the manufacturer's power curve for a specific turbine) 

 

4.3.  OPTIMISATION MODEL CO MPARISON 

Objective 4 of this study was to: ñVerify and compare the physics-based model with the trial-

and-error methodò. Therefore the results of the optimisation model must be compared with 

the turbine selection recommendations of (Helgason, 2012), which was the Enercon E-82 

(3MW) wind turbine. The results are also compared with the actual decision made by 

Landsvirkjun to install two Enercon E-44 turbines. 

 

The optimisation model was run for a total of 50 000 iterations, resulting in the ideal turbine 

design after 18 930 iterations. The convergence of the model towards the optimum solution is 

shown below in Figure 17. The improvement in LCoE on the 18 930
th
 evaluation is almost 

unperceivable in the figure, as it improved upon the previous optimum LCoE by only 

0.006%. As stated previously there are 134 million possible turbine designs within the 

constraints of the model (excluding RPM and pitch angle range). This implies that using a 

Genetic Algorithm has found a near optimum result (not necessarily the global optimum) by 

only testing 0.01% of the possible solutions. This calculation took approximately 5.7 hours to 

reach is optimum, or an average of 1.08 seconds per iteration. 
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